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 In the field of cheminformatics, technological advancements in recent times include, e.g., the way chemical information is being represented for large scale screening and de novo drug design. Especially, chemical language models originating from natural language processing offer new opportunities for molecular design [1].
However, for science in general and compared to past decades, recent paucity of transformative ideas has been noticed [2]. While there are many explanations for observed technological stagnation, in pharmaceutical R&D, a productivity crisis was already noted ~20 years ago [3, 4]. An often stated scientific/technological reason for stagnation in pharmaceutical R&D, is the “low hanging fruit” problem. That is, the easier-to-tackle problems have been solved already and that what remains are the more complex and more challenging problems (diseases) [5]. Other possible explanations for declining research productivity might be a shift to more “defensive R&D”, which could be a direct consequence of R&D resources being diverted away from risk-taking by investors, managers, and entrepreneurs to instead fulfil regulatory requirements. Instead of fueling innovation, monetary resources are used to keep “old” products on the market [5].
At the same time, we do observe a trend that more and more papers are being published in scientific journals or on preprint servers [6]. In line with this observation, also more data, methods, and models are being made available in the public domain (through publications and/or platforms such as Zenodo [7], GitHub [8], and Hugging Face [9]). As an effect, researchers are often facing a situation of information-overload with the luxurious problem of filtering out the real innovative contributions, that aren’t just incremental improvements of existing ones.
From a publisher’s perspective, every research paper should be regarded as an attempt to contribute new ideas and/or refine old ones. In Cheminformatics, we have observed a few phases of new methodological developments/inventions with consequent iterations of incremental improvements. Examples include (but are not limited to) molecular representation [10], descriptors for QSPR modeling/ML [11, 12], molecular docking algorithms [13], or more recently the development and refinement of generative AI algorithms [14, 15].
The Editors of the Journal of Cheminformatics do not judge articles based purely on scientific novelty. Rather, we consider aspects such as utility and availability, and the contribution itself, along with notions of novelty.
The Scientific Contribution Statement is our attempt to give space to a declaration by authors regarding the contributions made in their research. The authors should use a maximum of three sentences to specifically highlight the scientific contributions that advance the field and what differentiates their contribution from prior work on this topic (https://​jcheminf.​biomedcentral.​com/​submission-guidelines/​preparing-your-manuscript/​research). It should be regarded by authors as an opportunity to highlight their scientific contribution(s) rather than as a burden or additional request by the Editors of J. Cheminform. Such declaration(s) about contributions and novelty have always been part of the scientific publication process—albeit in a more convoluted or scattered way, as there usually isn’t a specific section in a paper dedicated to such declarations. We therefore started to make this vital information more accessible by assigning it a fixed section (namely the Abstract of a paper).
We hope that this amendment will not only help us as Editors when assessing a paper submitted for consideration, but equally the members of our scientific community— reviewers and readers.
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